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ABSTRACT  
As the textual data is increasing rapidly, it becomes more complex to identify the relevant information from that. Text 

summarization is the process of shortening long text into a short text by identifying the relevant information from the given 

document and discarding the redundant information. On the basis of this, we propose a text summarization which generates a 

summary by rewriting the contents in the given textual document by identifying the similarity  between the words. Here we are 

introducing a model which generates the summary by extracting relevant sentences.  
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Lemmatization, Pos Tagging.  

 

I. INTRODUCTION 

Nowadays, large number of text documents are being 

published online. Numerous documents in Indian languages 

like Hindi, Malayalam, Tamil etc are also available online. 

But reading all these documents to understand a concept and 

identify relevant information is time consuming and tedious. 

So it would be of great help if we get a summary of the 

published material. Generating a summary of documents by a 

human is also nearly impractical. There comes the relevance 

of automatic text summarization. Due to this reason text 

summarization has been widely discussed and explored  in 

recent times. The relevance of text summarization is  also 

increased due to the abundance of documents on the internet. 

Text summarization is a technique that can be used to 

generate a summary from a given document. 

There are mainly two methods for text summarization: 

extractive text summarization and abstractive text 

summarization. Extractive method summarizes a given 

document by identifying the important sentences from the  

 

original text. This method does not identify the similarity and 

word meanings between the words. It mainly points out the 

relevant sentences from the given sentences that are meant to 

produce a condensed summary. It will not generate a fluent 

summary as the summary generated by humans.   

In case of abstractive text summarization it summarizes the 

text by identifying the relationship between words and 

substituting the words having similar meanings with the 

other. It generates the summary as a human generated 

summary. On the basis of this, we propose a model for text 

summarization in malayalam. Here we are introducing a  

 

 

model which generates the summary by extracting relevant  

sentences.  When it comes to Indian language like  

malayalam, it is a  bit complex to generate summary due to 

rich morphological words. Vocabulary of Malayalam is 

borrowed from other languages like Sanskrit and Tamil. The 

word meanings used in Malayalam may vary in different 

situations. 

 

TABLE 1. Truncated sentences. 

S1 “എന്തിന ുപറഞ്ഞ?ു” 

S2 “എന്തിന ുപറഞ്ഞ ുഎന്ന ്

ആല ോചിച്ചു” 

 

For example, in Table.1, S1 is the sentence which is depicted 

as a question, “why did he said so?” and S2 means  

“wondered why he said that”. 

Even though S1 is a truncated version of sentence S2, S1 also 

depicts a sentence  that  “wondered why he said that”. In both 

the cases the situations that used for, 

 “എന്തിന ുപറഞ്ഞ”ു is different. 

 

Challenges in malayalam summarization: 

⚫ Ambiguity- Different words may have same 

meanings which makes it difficult to understand the 

exact meaning used in that passage.  

Eg: സംശയം , സലേഹം 
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Here, both the words ‘സംശയം’ and 

‘സലേഹം’ have the same meaning as“doubt.” 

⚫ Difficult to find resources: It is difficult to find good 

resources for training, because there exist different 

sentences which contribute to the same meaning to 

the text. 

⚫ Availability of tool: There is a lack of availability of 

appropriate tools for pre-processing of malayalam 

dataset. 

⚫ Difficulty in finding root word: It is quite difficult to 

map words with appropriate root word, because 

several words have the same meaning and some of 

them can be represented in different words with the 

same meaning. In order to overcome all this, we 

need to design an architecture for summary 

generation which generates accurate results. Table 1. 

shows the example for the same word with different 

meaning.  

 

TABLE 2. Same word with different meaning 

S1 

 

S1’ 

"പ ുി ആടിനന ഓടിച്ചു" 

 

Tiger hunted the goat  

S2 

 

S2’ 

"രോമ ുദോമവുിൻനറ സസക്കിൾ ഓടിച്ചു " 

 

Ramu rode Damu’s bicycle 

 

Table.2. shows the same word with different meanings. It 

does not have predicate agreement between subject or object 

and verb for gender, number and person. Hence 

summarization is not very easy in this language. 

 
 

II. RELATED WORKS 

For approaching Malayalam text summarization in NLP, the 

first step is to eliminate punctuations, hyphens and redundant 

white spaces etc. This is called pre-processing of the input 

text. A pre-processing phase, the linguistic techniques are 

used to pre-process input text documents using some 

important techniques such as sentence segmentation, 

punctuation marks removal, filtering stop-words, stemming 

(reducing common root words), etc[1]. After that the next 

phase is tokenizing  the data, which reduces the complexity 

of sentence structure. Tokenization is the process of splitting 

up a sentence into small pieces known as tokens or words. 

Larger sentences can be divided into pieces of words by 

performing tokenization. By performing tokenization, instead 

of processing any task in an entire sentence at a time, the task 

can be done in pieces of a sentence[2]. 

Based on the LDA model and word2vec weight matrix, the 

similarity analysis of natural language processing text is 

designed[3]. Word2vec is an unsupervised learning 

mechanism which uses a large number of data samples. This 

is implemented by using two mechanisms called CBOW 

(continuous bag of words) and skip gram. CBOW aims to 

predict the probability of current words according to the 

context. Skip gram is the opposite,  the probability of 

predicting the context based on the current word. Both 

methods use artificial neural networks as their classification 

algorithm[4]. LDA is a generative model that learns the 

representation of documents from frequencies of each word 

used in that document using the Bag-of-Word representation 

where bag-of-words is a representation of text that describes 

the occurrence of words within a document[3]. 

Stop words are frequently occurring words  in natural 

language which are considered as unimportant in natural 

language generation tasks such as text summarization etc. A 

dictionary based approach is being utilized to remove 

stopwords from the input  document. A generic stop-word list 

containing approximately 75 Malayalam stopwords are 

created manually and that stopword is compared with the 

tokens of the input document using sequential search 

technique. If it matches,  the word is removed completely and 

the comparison process  continues till  all the stop words are 

compared. The input tokens devoid of stopwords are thus left 

out in the array and are stored back into the corpora[5]. 

Text summarization technique is based on a ranking 

algorithm which gives the collection of sentences  having the 

highest ranks from the input text. The method extraction of 

sentences, which gives the idea of the input text in a short 

form, is presented. Sentences are ranked by assigning 

weights and they are ranked based on their weights. Highly 

ranked sentences are extracted from the input document so it 

extracts important sentences which directs to a high-quality 

summary of the input document and stores the summary as 

audio[6]. 

Sequence to sequence model is a special type of recurrent 

neural network which is used for natural language generation 

tasks like text summarization, translation etc. This discovers 

various inherent semantic and compositional aspects as part 

of document-independent features. The summary of the 

document is built using the abstract sentences generated from 

a model generated using a neural network. Sequence to 
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sequence learning technique is used to build the model from 

the raw data. The required dataset was built by translating the 

publicly available news repository and its summary from 

BBC into Malayalam language[7]. 

In contrast to the stemming method, lemmatization which 

uses a method for extracting the root word from a Malayalam 

word. One is clustered indexed dictionary based, which uses 

a suffix replacement method by considering nearly thousand 

rules which are identified by several test cases done during 

the development of the project[8]. 

 

III. PROPOSED WORK 

 

Text summarization can be seen as the process of pointing 

out the relevant sentences from a passage. It can be achieved 

through a series of steps. The first step towards the work 

starts from data preprocessing. Data preprocessing is the 

process by which the data is transformed into the form 

actually needed. The input text  may contain unnecessary. 

Here we are removing commas, hyphens, double 

quotes/single quotes and punctuations from our dataset.  

In the preprocessing stage the data is refined. It includes 

extracting words from sentences, making word count, finding 

the stem word, ranking sentences, deleting unnecessary 

sentences based on sentence ranking etc. Data preprocessing 

are achieved through several steps. 

In the tokenization process the words are extracted from the 

sentence. It breaks the text into small chunks. Tokenization is 

considered as the primary step towards text processing. 

Tokens can be words, special characters, subwords etc. 

Usually tokenization is operated using the delimiters in the 

sentences.  In the case of Malayalam, most of the words are 

splitted using white space between them. 

 

TABLE 3. Tokenization 

S3 “അയോൾ പറഞ്ഞ ുന ോടതു്ത.ു” 

S4                “അയോൾപറഞ്ഞനു ോടതു്ത.ു” 

 

In Table 3, it will be easy to split the sentence S4 since there 

are enough white space between them. When tokenized, 

we will get it as ‘അയോൾ’,  ‘പറഞ്ഞ’ു,  ‘ന ോടതു്ത’ു.  

Thus we get three tokens.  

But in the case of  sentence S4 in Table 3, there is no white 

space to separate them.  Thus we will get a single token as 

“അയോൾപറഞ്ഞനു ോടതു്ത”ു   

even though it is a combination of three separate words.  

In the stop word removal the words having no meanings are 

removed.  

TABLE 4. Example Sentence 

S5 “അലേഹം നല്ല ഭംഗിയുള്ള 

ന ോപ്പി ളുണ്ടോക്കി അ ് ചന്തയിൽ 

ന ോണ്ടലുപോയി വിൽക്കമുോയിരനു്ന”ു 

 

TABLE 5. Stop words of S5 

    “നല്ല”,    “ഭംഗിയുള്ള”,      “അ ”് 

 

In Table 5, the stopwords of sentence  S5 in Table.4  is 

identified. 

The sentence  without these  words will  also  convey the  

same meaning. It is shown in Table.6. 

 

TABLE 6. S5  after stopword removal 

 

 “അലേഹം ന ോപ്പി ളുണ്ടോക്കി ചന്തയിൽ 

ന ോണ്ടലുപോയി വിൽക്കമുോയിരനു്ന”ു 

 

Then  word  frequencies  of each of  the sentences  are 

calculated. 

 

Cosine distances are used to identify the similarity between 

the words using the word embedding replacement model. 

Thus by using word embeddings, words that are close in 

meaning are grouped near to one another in vector space.  

 

For example, while representing a word such as മോ ോവ,് 

the nearest   neighbour of മോ ോവ ്   would be  

“മോ ോശ്ശീ”, “അമ്മ”. After ranking the  sentence, the 

sentence with high ranking is collected for generating the 

summary. 

Ranking is based on the length of the sentence. Stemming is 

the process of finding the root word. During stemming the 

http://www.ijcstjournal.org/


International Journal of Computer Science Trends and Technology (IJCST) – Volume 10 Issue 3, May-Jun 2022 

 

ISSN: 2347-8578                                   www.ijcstjournal.org                                         Page 188 
  

 

correct root word will be identified. It will help to find out  

the prefix, suffix and others from the sentences. 

Finding the correct root word is necessary for replacing the 

word with simple synonyms. Malayalam being ambiguous 

languages, many words seem to be similar, but conveying 

different meaning. 

 

TABLE 7. Root  word 

 

           “പറുനപ്പടനു്ന”ു 

 

     “പറുനപ്പട്ടു ഴിഞ്ഞ”ു 

 

    “പറുനപ്പട ുയോണ ്

 

       “പറുനപ്പട്ടിട്ടുണ്ട് “ 

 

 

 

            “പറുനപ്പട ു” 

Table 7. shows the different word suffix that give 

meaning to the root word “പറുനപ്പട ു”. This word is 

used to indicate the departure, but when suffix are used, 

it also indicates the timing 

TABLE 8. Root word with different suffix 

പറുനപ്പട ു  + ന്ന ു  “പറുനപ്പടനു്ന”ു 

 

പറുനപ്പട ു 

+ ഴിഞ്ഞ ു

“പറുനപ്പട്ടു ഴിഞ്ഞ”ു 

 

പറുനപ്പട ു +ആണ ്  “പറുനപ്പട ുയോണ ്

 

പറുനപ്പട ു +ഉണ്ട ് “പറുനപ്പട്ടിട്ടുണ്ട ്“ 

 

Table 8. shows the different words formed by adding 

different suffixes to the same root word. 

Lemmatization is the task of finding the base word form 

from a given word form. It is closely related to stemming. 

When considering malayalam language, which is 

morphologically rich, it contains a lot of words which have 

similar meaning. Malayalam contains words which have 

multiple meaning considered to the situation, in order to 

find the correct dictionary meaning used is a task. It needs 

to evaluate the sentence correctly to find the exact 

dictionary word. 

"രോമ ുബോ ന് പണി ന ോടതു്ത ു" 

This implies two meanings, one it can be interpreted as 

Ramu is employed because of Balan, second meaning is 

that Balan  has done something which made Ramu in 

trouble. Thus without proper understanding of the sentence 

meaning, we cannot generate the desired output.This 

implies two meanings, one it can be interpreted as Ramu is 

employed because of Balan, second meaning is that Balan  

has done something which made Ramu in trouble. Thus 

without proper understanding of the sentence meaning, we 

cannot generate the desired output. 

TABLE 9. Lemmatization on a word example  

Input Lemma Rules 

പോടംു  പോട ു ടംു -> ട ു 

ലനടി ലനട ു  ടി ->ട ു 

ലപോരംു  ലപോര ു രംു ->ര ു 

 

Table 9. depicts the lemma rule associated with different 

words ending with the same alphabet in malayalam.  

POS tagging is the part-of-speech tagging it is also called 

grammatical tagging. Here the words in the sentences are 

classified according to the corresponding grammar 

categories- subject, object and verb. 

For example, consider the malayalam sentence, 

 

                                   TABLE 10. Example 

 

“അച്ഛൻ  ടു്ടിനയ 

എടകു്കനു്ന”ു 

The father picks up the 

child 
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After applying pos tagging on the sentence given in table 10, 

the result is the subject, object and verb in it as shown in 

table 11. 

 

    TABLE 11. Pos tagging 

 

     അച്ഛൻ       ർത്തോവ ് Subject 

     ടു്ടിനയ       ർമം Object 

എടകു്കനു്ന ു      ശ് ിയ Verb 

 

Table 11. shows the malayalam semantic rule for  

sentence, “അച്ഛൻ  ടു്ടിനയ എടകു്കനു്ന ു”.  

But it is not mandatory that all the sentences in Malayalam 

needs to follow this order.  

“ ടു്ടിനയ  അച്ഛൻ എടകു്കനു്ന”ു have the same meaning 

as the sentence in Table 11. We need to understand the 

sentence first in order to apply pos tagging. 

 

IV.  RESULT  AND OBSERVATIONS  

 

This article presents a simple approach to generate a 

summary from the given passage. Currently we have done it 

for small passages. One of the method used to evaluate the 

quality of machine generated summary is to compare it with 

human summary. Hence we created a summary for the stories 

as the validation data and are able to generate a summary 

with the sentences given. The input data given is a short story 

extracted from the google documents. First the input is given 

as a text file which is the original text and the human 

summary. The vector value assigned to each sentence gives 

them a rank according to the length of the sentences. The 

sentences with the higher ranks are considered in the 

summary. The summary generated doesn't contain the entire 

word. It may broke when ranking is applied to it. It generated 

a summary of almost half of the original input text document.  
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 TABLE 12.  Input 

 

പണ്ട ുപനണ്ടോരിടത്ത് ഒര ുന ോപ്പി വില്പന്ക്കോപ്നരൻ 

ഉണ്ടോയിരനു്ന.ു അലേഹം നല്ല ഭംഗിയുള്ള 

ന ോപ്പി ളുണ്ടോക്കി അ  ് ചന്തയിൽ 

ന ോണ്ടലുപോയി വിൽക്കമുോയിരനു്ന.ു ന ോപ്പി 

വിറ്റു ിട്ടുന്ന  ോശ ു ന ോണ്ടോയിരനു്ന ു അയോൾ 

ജീവിച്ച ്. പ  പ സ്ഥ ങ്ങളിൽ ലപോയോയിരനു്ന ു

അയോൾ  ൻ്്നറ ന ോപ്പി ൾ വിറ്റിരനു്ന ്. ഒര ു

ദിവസം ന ോപ്പി വിൽക്കോനോയി ലപോയ 

 ച്ചവടക്കോരൻ ഒര ു  ോട്ടിന ത്തി. ആ  ോട് 

 ടന്ന ുലവണമോയിരനു്ന ുചന്തയിന ത്തോൻ. അന്ന് 

പ ിവി ംു  ടൂ ുൽ ചടൂളു്ള ദിവസമോയിരനു്ന.ു 

ന ോപ്പി സഞ്ചിയുമോയി  ോട്ടി നൂട 

നടക്കനു്ന ിനിടയിൽ അയോൾക്ക്  നല്ല ക്ഷീണം  

അനഭുവനപ്പട്ടു . ഇന്ന ുനല്ല ചടൂ ്ഉണ്ടലല്ലോ. മോശ് മല്ല 

നടന്നംു ക്ഷീണിച്ചു. എന്തോയോ ംു ഒര ു

മരച്ചുവട്ടിൽ ഇരനു്ന ുവിശ്ശമിക്കോം. എന്നംു പറഞ്ഞ ു

അയോൾ  ൻ്്നറ ന ോപ്പി ൾ സകൂ്ഷിച്ചിരനു്ന 

സഞ്ചിയും  ോനഴ വച്ച ് ഒര ു മരച്ചുവട്ടിൽ ഇരനു്ന.ു 

എന്നോൽ ക്ഷീണം  ോരണം അയോൾ 

അവിനടയിരനു്ന ു ഉറങ്ങിലപ്പോയി. ഉറങ്ങി എണീറ്റ 

ന ോപ്പി വിൽപ്പനക്കോരൻ നെട്ടിലപ്പോയി.  ൻ്്നറ 

സഞ്ചിയിൽ വിൽക്കോൻ വച്ചിരനു്ന ന ോപ്പി ൾ 

ഒന്നംു  ോണോനില്ല. അലേഹം ചറു്റും ലനോക്കി. 

അലപ്പോഴോണ്മരത്തിൻ്ന്റ മ ുളിൽ അയോൾ ആ 

 ോഴ്ച  ണ്ട ്. ആ മരത്തിൽ നിറനയ  രുങ്ങന്മോർ. 

അവരനുട   യിൽ അയോൾ വിൽക്കോനോയി 

ഉണ്ടോക്കിയ മലനോഹരമോയ ന ോപ്പി ളും. ന ോപ്പി 

വി ്പ്പനക്കോരൻ വിഷമിച്ചു. ഇനി എന്ത്നചയ്ും 

ഈ  രുങ്ങൻമോരനുട  യ്ിൽ നിന്ന് 

എങ്ങനനയോണ് ന ോപ്പി ൾ   ിരിച്ചു വോങ്ങനു്ന ്  

ആദയം അയോൾ ആ  രുങ്ങന്മോനര വിരട്ടി 

ലനോക്കി. അലപ്പോഴലല്ല രസം   അവർ  ിരിച്്ച 

അയോനള  വിരട്ടി. അടതു്തയോൾ ഒര ു നെടതു്ത് 

അവനര ലപടിപ്പിക്കോൻ ലനോക്കി. അലപ്പോൾ 

 രുങ്ങന്മോരംു  ിരിച്ചു  നെടതു്ത ു ആ ന ോപ്പി 

വില്പനല്പക്കോരനന ആശ് മിക്കോൻ ഒരങു്ങി. 

ഇത്തരത്തിൽ പ  രത്തി ംു അയോൾ ആ 

 രുങ്ങന്മോരിൽ നിന്നംു ന ോപ്പി വോങ്ങോനോയി 

ശ്ശമിച്ചു. എന്നോൽ എല്ലോ ശ്ശമവംു പരോജയനപ്പട്ടു . 

അയോൾ   പ ുച്്ച ആല ോചിച്ചു. എങ്ങനനയും 

 രുങ്ങൻമോരിൽ നിന്നംു ന ോപ്പി ൾ വോങ്ങിലയ 

 ീര.ൂ അലപ്പോഴോണ് അയോൾനക്കോര ു  ോരയം 

മനസ്സി ോയ ്.  െോൻ എന്ത ു നചയ്തോ ംു 

 രുങ്ങന്മോരംു അ ലുപോന  നചയ്ുന്ന.ു നപനട്ടന്ന് 

അയോൾക്ക ് ഒര ു ബദു്ധി ല ോന്നി. ആ ന ോപ്പി 

 ച്ചവടക്കോരൻ  ൻ്്നറ   യി ിരനു്ന 

ന ോപ്പിനയടതു്ത ു  ോനഴയിട്ടു .  രുങ്ങന്മോർ 

മനറ്റോന്നംു ചിന്തിക്കോന  അവരനുട   യി ിരനു്ന 

ന ോപ്പി ളും  ോലഴക്കിട്ടു .ഇ  ു  ണ്ട ന ോപ്പി 

വി ്പ്പനക്കോരൻ ഉടൻ നന്ന  ൻ്്നറ 

ന ോപ്പി നളല്ലോം നി ത്ത ുനിന്നംു എടതു്ത.ു പിനന്ന  

അയോൾ ഒര ു നിമിഷം   ലപോ ംു      അവിനട 

നിന്നില്ല.    അയോൾ    ൻ്്നറ   ന ോപ്പി ളും   

സഞ്ചിയി ോക്കി സ്ഥ ംവിട്ടു . 

 

The input text  given is free from all the punctuations except 

the full stop. Hence that made it easy to tokenize each of 

these sentences given.               
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TABLE 13. Expected output 

“പണ്ട് ഒര ു ന ോപ്പി വിൽപ്പനക്കോരൻ 

ഉണ്ടോയിരനു്ന.ു അയോൾ ന ോപ്പി ഉണ്ടോക്കി 

ചന്തയിൽ വിൽക്കമുോയിരനു്ന.ു പ  

സ്ഥ ങ്ങളിൽ ലപോയി ന ോപ്പി വിറ്റ ്

ഉണ്ടോക്കനു്ന  ോശനു ോണ്ട ് ആയിരനു്ന ു

അയോൾ ജീവിച്ച ്. ഒര ു ദിവസം അയോൾ 

 ോട്ടിന ത്തി.  ോട ്  ടന്നലുവണം 

ആയിരനു്ന ുഅയോൾക്ക ്ചന്തയിൽ എത്തോൻ. 

അന്ന്  ടൂ ുൽ ചടൂളു്ള ദിവസമോയിരനു്ന.ു 

അയോൾക്ക ് നല്ല ക്ഷീണം ല ോന്നിയ  ്

ന ോണ്ട് അയോൾ വിശ്ശമിച്ചു. അയോൾ 

 നന്റ ന ോപ്പി സകൂ്ഷിച്ചിരനു്ന സഞ്ചി ഒര ു

മരച്ചുവട്ടിൽ നവച്ചിരനു്ന.ു ക്ഷീണം  ോരണം 

അയോൾ ഉറങ്ങിലപ്പോയി. 

ഉറങ്ങിനയണീറ്റലപ്പോൾ അയോളുനട ന ോപ്പി 

ഒന്നംു  ോണോനില്ല. അലപ്പോഴോണ്  ന്നറ 

ന ോപ്പി നവച്ച ് നുറ  രുങ്ങന്മോർ മരത്തിൽ 

ഇരിക്കനു്ന ്  ണ്ട .് എന്്ത നചയ്ുനമന്ന ്

ആല ോചിച്ച് അയോൾ  രുങ്ങന്മോനര വിരട്ടി 

ലനോക്കി. അലപ്പോൾ അവർ അയോനള  ിരിച്ച ്

വിരട്ടി. പിന്നീട ്അയോൾ  നെടത്ു്ത വിരട്ടി, 

 ിരിച്ചു  രുങ്ങന്മോരംു അയോനള വിരട്ടി. 

നപനട്ടന്്ന അയോൾക്ക ് ബദു്ധി ല ോന്നി. 

അയോൾ   യിൽ ഇരനു്ന ന ോപ്പി എടത്ു്ത 

 ോലഴോട്ടു.  രുങ്ങന്മോരംു അവരനുട   യിൽ 

ഇടനു്ന ന ോപ്പി ൾ  ോനഴയിട്ടു. അയോൾ 

ഉടൻ  നന്ന ന ോപ്പി ൾ എല്ലോം 

നി ത്തനുിന്നംു എടതു്തിട്്ട സ്ഥ ംവിട്ടു.” 

            

  Table 14. Generated output 

 

“ആന ോപ്പി  ച്ചവടക്കോരൻ  ൻ്്നറ 

  യി ി രനു്ന ന ോപ്പി നയടതു്ത ു ോനഴയിട്ടു . 

ഒര ുദിവസം ന ോപ്പി വിൽക്കോനോയി ലപോയ 

 ച്ചവടക്കോരൻ ഒര ു  ോട്ടിന ത്തി. ന ോപ്പി 

വിറ്റു ിട്ടുന്ന  ോശ ു ന ോണ്ടോയിരനു്ന ു

അയോൾ ജീവിച്ച ്. ഒര ു ദിവസം ന ോപ്പി 

വിൽക്കോനോയി ലപോയ  ച്ചവടക്കോരൻ ഒര ു

 ോട്ടിന ത്തി. ഇ  ുണ്ട ന ോപ്പി 

വി പ്്പനക്കോരൻ ഉടൻ നന്ന  ൻ്്നറ 

ന ോപ്പി നളല്ലോം നി ത്ത ു നിന്നംു എടതു്ത.ു 

ആന ോപ്പി  ച്ചവടക്കോരൻ  ൻ്്നറ 

  യി ി രനു്ന ന ോപ്പി നയടതു്ത ു

 ോനഴയിട്ടു.”  

 

There are lots of differences in the expected output and 

generated output. This system is working on to handle more 

ambiguous data efficiently. The future scope of this work 

could be able to handle more complex datasets.  

 

V. CONCLUSION 

 

The paper presented a simple approach towards malayalam 

text summarization. Abstractive summarization was the main 

focus area. Hence it improved the efficiency and accuracy of 

the generated summary. An important factor in this 

experiment is the amount of data it can handle and the 

sentences from which it generates a summary. It mainly 

focuses on the sentence ranking, where each sentence is 

compared with one another. It is not completely independent 

of the extractive way, it includes the extractive approach also. 

As a part of  future experiment work, the dataset used for 

training will be able to handle more in an abstractive way. 
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